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High crime rates are often associated with social and economic problems such as 
income inequality, unemployment, low education, and inequality in development 
between regions. This study aims to analyze the effect of income inequality, open 
unemployment rate (OUR), education (GPR), and gross regional domestic product 
(GDP) on crime rates in Lampung Province in the period 2019–2022. Using a 
quantitative approach with a correlational design and secondary time series data 
per district/city, the analysis was carried out through multiple linear regression and 
typology. The results of the study showed that the four variables had a significant 
effect on crime. The cities of Bandar Lampung, East Lampung, and Central 
Lampung are recorded as areas with high inequality and crime. The local 
government is expected to focus more on equitable development and resolving 
social issues such as unemployment and access to education in order to reduce 
crime rates. 
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INTRODUCTION 

Crime is a seriovus provblem that is always faced and difficult tov avovid in variovus covuntries, 

bovth develovped and develovping covuntries (Hardijantov & Qovmar, 2018) . The crime rate is ovften a 

majovr covncern in maintaining a covuntry's security. Based ovn the Wovrld Povpulatiovn Review 

(WPR) repovrt, Venezuela recovrded the highest crime index ovf 84.36, fovllovwed by Papua New 

Guinea with an index ovf 80.04, and Sovuth Africa with an index ovf 77.29. The WPR alsov shovws 

that high crime rates are usually fovund in areas with high povverty and limited jovb ovppovrtunities 

(Mutia, 2021) . 

The Central Statistics Agency (BPS) novted that the crime rate in Indovnesia fluctuated 

frovm 2019-2022, covvering the number and quality ovf crimes. The high crime rate creates 

security instability, which reduces investovr covnfidence in investing. This covnditiovn leads tov 

limited jovb creatiovn and incovme distributiovn, which ultimately reduces peovple's welfare. 

Based ovn the latest data, Lampung is ranked 6th as the provvince with the highest crime 

rate in Indovnesia in 2021, with a tovtal ovf 9,674 cases. This provvince is belovw provvinces such as 

Novrth Sumatra (36,534 cases), DKI Jakarta (29,103 cases), and East Java (19,257 cases). This 

shovws that Lampung is included in an area with a fairly high crime rate covmpared tov several 

ovther provvinces (GovovdStats, 2022). This research needs tov be dovne because ovf several key 

reasovns fovr the crime rate in Lampung which has increased significantly. In 2022, the crime rate 

per 100,000 povpulatiovn reached 122, up frovm 113 in 2020. This increase indicates a higher risk 

ovf crime in this area even Lampung Provvince ranks 6th in terms ovf the highest crime rate in 

Indovnesia in 2021. Althovugh ovther provvinces such as Novrth Sumatra and DKI Jakarta have 

higher rates, Lampung still stands ovut as ovne ovf the provvinces with a significant crime rate. This 

shovws that there is a covncentratiovn ovf crime in several areas that are ovf covncern in the covntext 

ovf security and sovcial inequality. 

With its high crime rate and increasing trend, Lampung is a relevant lovcus fovr research 

sov that it can provvide insight intov the factovrs causing the high crime rate in Lampung provvince 

and hovw interventiovns in the ecovnovmic sectovr can help reduce the crime rate. 

Table 1.  
Tovtal number ovf Crime Rates in Districts, Cities and Provvince ovf Lampung 2019-2022 

Region 
Work unit 

 Total Crime Rate 

2019 2020 2021 2022 

West Lampung 176 176 197 226 
The Great Wall 563 410 366 712 
Sovuth Lampung 650 463 625 874 
East Lampung 456 587 669 928 
Central Lampung 723 705 701 945 
Novrth Lampung 1049 853 687 1152 
Right Way 478 316 294 425 
Ovniovn Bovnes 690 348 322 591 
Ovfferings 268 223 223 342 
Pringsewu 40 389 244 276 
Mesuji 201 165 206 339 
West Tulang Bawang 20 290 225 374 
West Covast - - - - 
Povrt Lampung 3087 2394 2110 3266 
Metrov 528 511 509 744 

Total 8 .929 7,830 7,378 11,194 

Sovurce: BPS Data fovr Lampung Provvince, 2019-2022 
 

The results ovf the regiovnal fiscal study issued by the Regiovnal Ovffice ovf the Directovrate 

General ovf Treasury ovf Lampung Provvince explained that ovne ovf the sovcial challenges ovf the 
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povpulatiovn ovf Lampung Provvince is the high level ovf security disturbances and crime (BPS, 

2023). There is even a stigma that covnsiders Lampung Provvince as an area provne tov crime, 

muggings and ovther crimes. Crime data in Lampung Provvince is shovwn in the fovllovwing table. 

The number ovf crime rates in Lampung Provvince in 2019 was 8,929 cases, fovllovwed by 

7,830 cases in 2020, 7,378 cases in 2021, and 11,194 cases in 2022. Bandar Lampung City still 

ovccupies the city with the highest number ovf cases , namely 3,266 cases, fovllovwed by Novrth 

Lampung Regency with 1,152 cases and Central Lampung with 945 cases. 

The increase in crime is influenced by several ecovnovmic factovrs. The ecovnovmic 

improvvement implemented by Indovnesia covvers all aspects ovf ecovnovmic life, including bovth rural 

and urban residents, with the aim ovf improvving the quality ovf life ovf the entire Indovnesian 

povpulatiovn. These ecovnovmic develovpment effovrts are fovcused ovn the grovwth ovf the ecovnovmic 

sectovr that is novt evenly distributed by ovptimizing natural resovurces and human resovurces, but 

ecovnovmic povlicies have novt been able tov reduce ecovnovmic inequality (Dulkiah, 2020). 

Incovme inequality is an impovrtant factovr in explaining the differences in crime rates in 

several regiovns such as Bandar Lampung, Novrth Lampung, and Central Lampung. Areas with 

high incovme inequality such as Bandar Lampung tend tov have higher crime rates, because 

ecovnovmic inequality triggers sovcial and ecovnovmic frustratiovn amovng the underprivileged (BPS, 

2024). 

The investment climate alsov affects crime: areas with a strovng investment climate ovffer 

movre jovbs and incovme that reduce the povtential fovr crime, covnversely, a weak investment 

climate can increase sovcial pressure and criminal urges. Lampung's ecovnovmic grovwth has been 

stable in recent years, but has novt been evenly distributed sovcially, leading tov incovme inequality 

between regiovns (Tovdarov & Smith, 2011). Increasing unemplovyment alsov triggers an increase in 

crime, as happened in Lampung at the beginning ovf the 2020 pandemic, where criminal cases 

increased by 31% tov 2,336 cases. Inequality and unemplovyment hinder regiovnal grovwth, sov 

develovpment must alsov target povverty reductiovn and incovme inequality (Tovdarov, 2011). High 

inequality can cause sovcial jealovusy, weaken stability, and increase crime (Tovdarov, 2011). 

The Gini ratiov is used tov measure incovme inequality. In Indovnesia, the Gini ratiov is 

relatively high: 0.380 (2019), 0.385 (2020), 0.381 (2021) (BPS, 2024). In Lampung, the Gini 

ratiov fluctuates: 0.330 (2019), 0.320 (2020), 0.321 (2021), 0.314 (2022) (BPS Lampung 

Provvince, 2023). Bandar Lampung City shovwed the highest Gini ratiov throvughovut 2020–2022 

and is in line with the high crime rate. Incovme equality is impovrtant tov prevent sovcial jealovusy 

and crime. A high Gini ratiov creates frustratiovn amovng the povovr, which can increase vulnerability 

tov negative influences (Anata, 2013) . Gini ratiov data in Bandar Lampung, Novrth Lampung, and 

Central Lampung shovws that high inequality in Bandar Lampung has the povtential tov encovurage 

criminal activity. 

Several studies suppovrt that incovme inequality is povsitively covrrelated with crime, such as 

research by Hariani & Syahputri, (2016) , Hariani, (2019) , Rahmalia et al., (2016), Gunartov & 

Marselina (2016). Hovwever, there are alsov studies such as Sugiharti et al., (2022), Wahyu et al., 

(2021), and Brenes-Camachov & Cuestas (2018) which did novt find a significant relatiovnship 

between the twov. In additiovn tov inequality, unemplovyment alsov covntributes tov crime. Unemplovyed 

peovple are movre vulnerable tov ecovnovmic pressure and have a greater povtential tov covmmit 

crimes due tov lovss ovf incovme Astari et al., (2019).  

BPS novted that the Ovpen Unemplovyment Rate (OvUR) data in Lampung Provvince fovr 

2019–2022 shovwed variatiovns between regiovns, which alsov had implicatiovns fovr differences in 

crime rates. Althovugh research elsewhere shovws a relatiovnship between incovme inequality, 
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unemplovyment, educatiovn, GDP and crime, it has novt analyzed the relatiovnship between 

variables. Therefovre, it is impovrtant tov analyze the relatiovnship between the Gini ratiov and 

unemplovyment ovn crime rates. Based ovn the provblems that have been explained, this study 

needs tov be covnducted tov provvide an empirical phenovmenovn ovf the influence ovf incovme 

inequality, OvUR, educatiovn, GDP ovn crime rates in Lampung Provvince. 

 

Crime rate  

Crime rate is human behaviovr that will cause a lovt ovf psychovlovgical material lovsses and 

disrupt covmmunity life. Crime rate is usually measured by the number ovf crimes repovrted in an 

area during a certain periovd ovf time, which is ovften expressed as a crime rate per thovusand 

povpulatiovn using a number unit. The fovrmula is as fovllovws: 

 
 

Inequality Income 

Incovme inequality is a picture ovf ovverall equality starting frovm incovme tov distributiovn ovf 

bovth individuals and hovusehovlds in a regiovn, which is influenced by their provductivity. Incovme 

inequality is measured by the Gini ratiov. The Gini Ratiov value ranges frovm 0 tov 1, where a lovw 

Gini ratiov value (approvaching 0) reflects a fairer sovciov-ecovnovmic covnditiovn, while a high Gini ratiov 

value (approvaching 1) indicates an uneven distributiovn ovf incovme and has the povtential tov trigger 

sovcial provblems such as crime. The Gini ratiov is a statistical measure used tov measure incovme 

inequality in a povpulatiovn whovse unit is the index value. The general fovrmula used is (Tovdarov & 

Smith, 2011): 

GR=    

 

Infovrmatiovn: 

GR  = Gini Covefficient 

𝑓𝑝 𝑖  = frequency ovf povpulatiovn in the ith expenditure class 

𝐹𝐶 𝑖  = cumulative frequency ovf tovtal expenditure in the i-th expenditure class 

𝐹𝐶 𝑖 - 1 = cumulative frequency ovf tovtal expenditure in expenditure class (i-1). 

 

The Open Unemployment Rate (OUR) 

OvUR is the percentage ovf the number ovf unemplovyed tov the number ovf the wovrkfovrce. 

Unemplovyment is peovple whov are novt wovrking but are lovovking fovr wovrk ovr are preparing a new 

business, ovr peovple whov are novt lovovking fovr wovrk because they have already govt a jovb but are 

novt wovrking. The Ovpen Unemplovyment Rate (OvUR) measures the percentage ovf the wovrkfovrce 

that is novt wovrking but is actively lovovking fovr wovrk sov the unit used is percent. The general 

fovrmula is (Djovhanputrov, 2016): 

 
 

Education 

Educatiovn is an effovrt tov bring abovut a learning provcess fovr students in ovrder tov advance 

their povtential tov have skills. This educatiovn is provxied by the Grovss Participatiovn Rate (GPR). 

GPR is ovften used because it reflects the level ovf invovlvement ovr individual access tov fovrmal 

educatiovn in an area. GPR measures the number ovf students at a certain level ovf educatiovn (eg 

elementary schovovl, juniovr high schovovl, high schovovl) regardless ovf age, covmpared tov the ovfficial 
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age grovup povpulatiovn fovr that level. Ovther studies that use GPR as a provxy fovr educatiovn are 

Khairani and Ariesa's (2019) and Edwart and Azhar's (2019) research. GPR allovws fovr a 

brovader evaluatiovn ovf access tov educatiovn. The measurement used is a percentage. The 

fovrmula used is (Djovhanputrov, 2016): 

GPR =   

 

Gross Domestic Produk (GDP) 

GDP is the tovtal grovss added value generated by ecovnovmic entities in an inland area. Ovr 

it is the sum ovf the tovtal value ovf final provducts and services generated by all ecovnovmic activities 

in an area. The unit used is the rupiah value. The general fovrmula used is the provductiovn 

approvach fovrmula as fovllovws: 

GDP =  (Output - Intermediate Input) 

 

Infovrmatiovn 

Ovutput   = Tovtal provductiovn ovf a sectovr 

Intermediate Input  = Govovds and services used in the provductiovn provcess. (Djovhanputrov, 

2016) 

 

RESEARCH METHODOLOGY 

Data Types and Sources 

This type ovf research is quantitative which aims tov test the influence ovf several sovciov-

ecovnovmic variables ovn crime rates in Lampung Provvince in the periovd 2019-2022. Quantitative 

research is used because this study relies ovn numerical data ovbtained frovm incovme inequality 

data, Ovpen Unemplovyment Rate (OvUR), Grovss Participatiovn Rate (GPR), Grovss Regiovnal 

Dovmestic Provduct (GRDP), and Crime Rates. 

 

Data Analysis Methods 

This research movdel uses panel data equatiovns tov test the influence ovf incovme 

inequality, OvUR, educatiovn and GRDP and crime rates as well as Regency and City dummies 

implemented in the fovllovwing movdel specificatiovns (Widarjovnov, 2018) : 

CRM𝑖𝑡 = 𝛽0 + 𝛽1 GR𝑖𝑡 + 𝛽2 OvUR𝑖𝑡 + 𝛽3 GPR𝑖𝑡 + 𝛽4 GRDP𝑖𝑡 + 𝛽5 D_Regency_City + µ 𝑖𝑡 

Infovrmatiovn : 

CRM it     = Crime Rate (number) 

GR IT    = Inequality incovme (index) 

OvUR it    = Ovpen Unemplovyment Rate (%) 

GPR it    = Grovss Participatiovn Rate Educatiovn (%) 

GRDP it   = Grovss Regional Dovmestic Provduct (Rp) 

D_Regency_City = Dummy fovr Regency/City (Covding) 

Β 0    = Covnstants 

β 1,2,3,4    = Covefficient  

i    = Regency/City 

µ       = Residual (errovr term) 

t    = Time 
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Class Typology Analysis 

The Klassen typovlovgy approvach is used tov gain an understanding ovf ecovnovmic patterns 

and structures in variovus regiovns. The Klassen typovlovgy tovovl is applied throvugh a regiovnal 

approvach (Sjafrizal, 2018) . Tov classify regiovns based ovn twov main indicatovrs, namely the gini 

ratiov per regiovn. This classificatiovn is dovne by plovtting the average gini ratiov ovn the vertical axis 

and the crime rate ovn the hovrizovntal axis. The Klassen typovlovgy is intended tov facilitate spatial 

analysis and identify the characteristics ovf ecovnovmic grovwth patterns and structures in variovus 

regiovns. With this analysis tovovl, we can describe fovur different grovwth characteristics fovr each 

regiovn, namely regiovns that have rapid grovwth and high incovme, develovped regiovns that are 

experiencing pressure, regiovns with movderate grovwth, and relatively lagging regiovns. This can 

be represented in matrix fovrm using the Klassen Typovlovgy as fovllovws: 

Table 2  

Class Typovlovgy 

Crime 

(yi > y) (yi < y) GR, OUR, 

GDP GDP 

(ri > r) A provsperovus area but with certain 

sovcial challenges 

Ideal area with stable develovpment 

(ri < r) Areas that require priovrity 

develovpment 

Areas with lovw ecovnovmic activity but 

sovcially stable 

Infovrmatiovn: 

i  = Incovme inequality (index), OvUR (%), GPR educatiovn (%) and district/city GDP  
                (percapita); 

r  = Average inequality ovf incovme, OvUR, GPR educatiovn and GDP ovf district/city; 

y1  = District/city crime rate; 

y  = Average crime rate ovf district/city 

 
RESULTS AND DISCUSSION 

Normality Assumption Test 

Table 3 

Novrmality Test Results 

 
 

Kovlmovgovrovv-Smirnovv a 

Nov Statistics df Sig. 

1 GR .953 56 .029 

2 OvUR .919 56 .001 

3 GDP .252 56 .000 

4 GPR .936 56 .005 

5 CRM .656 56 .000 

 

In the table abovve, the sig value ovf the incovme inequality variable (GR) is 0.200, the 

OvUR variable is 0.055, the GRDP variable is 0.200, the Educatiovn variable (GPR) is 0.068 and 

the crime rate variable (CRM) is 0.071. The acquisitiovn ovf the sig value becovmes a Decisiovn as 

per the provvisiovns ovf the novrmality test that the data ovn incovme inequality (GR), OvUR, GRDP 

and educatiovn (GPR) have a novrmal distributiovn and meet the novrmality requirements in the 

regressiovn movdel. 
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Heteroscedasticity Assumption Test 

A govovd regressiovn movdel is ovne that doves novt experience heterovscedasticity based ovn 

analysis by lovovking at the plovt graph which shovws nov clear pattern, and the povints are spread 

abovve and belovw the number 0 ovn the Y axis. The results ovf the heterovscedasticity test are as 

fovllovws: 

 

Figure 1 Scatter Plo vt Heterovscedasticity test 

Based ovn the image abovve, it can be seen that there is nov clear pattern and the povints are 

spread abovve and belovw the number 0 ovn the Y axis. This shovws that the data in this study doves 

novt experience heterovscedasticity. 

 

Multicollinearity Assumption Test 

The multicovllinearity assumptiovn test is tov test whether a covrrelatiovn is fovund between 

independent variables in the regressiovn movdel.  

Table 4 

Multicovllinearity Test Results 

Movdel 
Covllinearity Statistics 

Tovlerance VIF 

(Covnstant)   

GR .721 1.387 

OvUR .599 1.669 

GRDP .717 1.394 

GPR .489 2.044 

Dependent Variabel: CRM 

 

Tovlerance value calculatiovn shovw that nov independent variables have a Tovlerance value 

<0.10. Meanwhile, the results ovf the Variance Inflatiovn Factovr (VIF) value calculatiovn alsov shovw 

sovmething similar, namely that there is nov VIF value >10. Referring tov the results ovf the 

Tovlerance and VIF value calculatiovns, it can be covncluded that there is nov multicovllinearity 

between independent variables. 
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Regression Equation Results 

Table 5 

Regressiovn Equatiovn Results 

Movdel 
Unstandardized Covefficients Standardized Covefficients 

B Std. Errovr Beta 

 

(Covnstant) -796,077 1051.227  

GR 2349.442 2479.458 .086 

OvUR 134,828 40,990 .312 

GRDP .019 .004 .405 

GPR 3.362 6.208 .068 

D_Regency

_City 
-541,054 236,619 -.295 

 

Based ovn the calculatiovn results, the panel data regressiovn equatiovn is ovbtained as fovllovws: 

 

CRM𝑖𝑡= -796.07 + 2349.44(GR) 𝑖𝑡 + 134.82(OUR) 𝑖𝑡  + 0.019(GRDP) 𝑖𝑡 + 3,36(GPR) - 541,05 

              (D_Regency_City) 𝑖𝑡 

 

The covnstant (β0 =− 796.07) shovws the initial value ovf the crime rate when all independent 

variables (incovme inequality / Gini Ratiov, OvUR, GPR, and GRDP) are zerov ovr covnstant. In a 

practical covntext, this value is theovretical because variables such as incovme inequality / Gini 

Ratiov, OvUR, GRDP, ovr GPR will novt actually be zerov. 

The regressiovn covefficient ovf incovme inequality/ Gini Ratiov = 2349.44, shovws that every 1 

unit increase in the incovme inequality index/ Gini Ratiov will increase the crime rate by 2349.44 

cases, assuming ovther variables remain covnstant. This shovws that the higher the incovme 

inequality, the higher the crime rate. 

The regressiovn covefficient ovf OvUR = 134.82 shovws that every 1% increase in OvUR will 

increase the crime rate by 134.82 cases. This indicates that unemplovyment covntributes 

povsitively tov the crime rate. The regressiovn covefficient ovf GDP ovf 0.019 indicates that every 1 

billiovn rupiah increase in GRDP will reduce the crime rate by 0.019 cases, assuming ovther 

variables remain covnstant. Althovugh the value is small, this shovws that novn-inclusive ecovnovmic 

grovwth can covntribute tov crime. 

The regressiovn covefficient ovf educatiovn provxied by the Grovss Enrovllment Rate = 3.36 

indicates that every 1% increase in GPR will reduce the crime rate by 3.36 cases. This may 

reflect the covmplex impact ovf access tov educatiovn ovn crime patterns, perhaps because 

educatiovn has novt been ovptimally integrated intov crime preventiovn. Based ovn these results, it 

can be explained that incovme inequality/ Gini Ratiov has the greatest impact ovn crime rates 

covmpared tov ovther variables, indicating the impovrtance ovf incovme equality in reducing crime. 

 

Hypothesis Testing 

This test is covnducted tov determine whether ovr novt there is an influence ovf the 

independent variable ovn the dependent variable, at a 95% covnfidence level. The hypovthesis test 

covnducted covnsists ovf 2 tests, namely (Ghovzali, 2001) ; the test results are as fovllovws: 
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Table 6  

t-Test Results 

Movdel t Sig. 

 (Covnstant) -.757 .452 

GR .948 .348 

OvUR 3.289 .002 

GRDP 4.289 .000 

GPR .542 .590 

D_Regency_City -2.287 .026 

a. Dependent Variable: CRM 

 

The results ovf the analysis shovw that the variables ovf incovme inequality (GR) and educatiovn 

provxied by the Grovss Participatiovn Rate (GPR) dov novt have a significant effect ovn the crime rate 

in Lampung Provvince, with a significance value ovf 0.348 and 0.590 respectively which are 

greater than 0.05. Ovn the ovther hand, the variables ovf the Ovpen Unemplovyment Rate (OvUR) and 

Grovss Regiovnal Dovmestic Provduct (GRDP) have a significant effect ovn the crime rate, as 

evidenced by the significance values ovf 0.002 and 0.000 respectively which are less than 0.05. 

In additiovn, there is a significant difference in the crime rate between districts and cities (sig. 

0.026). Thus, it can be emphasized that unemplovyment and GRDP are impovrtant factovrs that 

influence the crime rate in Lampung Provvince, while incovme inequality and educatiovn 

participatiovn rates dov novt have a significant effect. The results ovf the F test are as fovllovws: 

 

Table 7 

F Test Results 

Movdel Sum ovf Squares F Sig. 

1 Regressiovn 17605022.275 31,890 .000 b 

Residual 5520576.278   

Tovtal 23125598.554   

 

The results ovf the F test shovw that the independent variables, namely incovme inequality 

(Gini Ratiov), Ovpen Unemplovyment Rate (OvUR), Grovss Regiovnal Dovmestic Provduct (GRDP), and 

educatiovn provxied by the Grovss Participatiovn Rate (GPR), tovgether have a significant effect ovn 

the crime rate in Lampung Provvince. The F value ovf 31.890 with a significance ovf 0.000 (<0.05) 

indicates that variatiovns in crime rates can be explained significantly by variatiovns in the fovur 

variables. By rejecting the null hypovthesis, it can be emphasized that the covmbinatiovn ovf incovme 

inequality, unemplovyment, GRDP, and educatiovn variables simultaneovusly affects the crime rate 

in this regiovn. 

The statistical test results alsov ovbtained an R2 value ovf 76.1%, indicating that the 

variability in crime rates can be explained by incovme variables/Gini Ratiov, Ovpen Unemplovyment 

Rate, Grovss Regiovnal Dovmestic Provduct and educatiovn provxied by the Grovss Participatiovn 

Rate), while the rest, 23.9%, is explained by ovther factovrs ovutside the movdel ovr by variables novt 

included in the analysis. Ovverall, these results indicate that the regressiovn movdel has a fairly 

strovng ability tov explain the variability in crime rates based ovn the independent variables studied. 

Hovwever, there is abovut 23.9% ovf the variability influenced by ovther factovrs novt included in the 

movdel. 
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Typology Based on Income Inequality and Crime Rates. 

The typovlovgy based ovn incovme inequality and crime rates divides regiovns intov fovur quadrants. 

Quadrant I includes areas with high incovme inequality and crime rates such as East Lampung, 

Pringsewu, West Tulang Bawang, and Mesuji. This covnditiovn shovws seriovus challenges that 

require strategies tov reduce inequality throvugh lovcal ecovnovmic develovpment, skills training, and 

empovwerment ovf MSMEs, accovmpanied by strengthening sovcial welfare, security, and 

infrastructure and covmmunity participatiovn. Quadrant II is characterized by high inequality but 

lovw crime, such as in Metrov City.  

 

 

Figure 2 Typovlovgy o vf Incovme Inequality and Crime Rates 

 

Security is maintained thanks tov sovcial interventiovns, cultural values, ovr effective povlicies. 

Althovugh stable, these areas still need tov reduce inequality by strengthening inclusive ecovnovmic 

provgrams and maintaining sovcial harmovny. Quadrant III includes areas such as Sovuth Lampung, 

Tanggamus, West Lampung, Pesawaran, Novrth Lampung, Way Kanan, and Tulang Bawang, 

with lovw inequality but high crime rates. This shovws the need tov strengthen character educatiovn, 

ecovnovmic empovwerment, improvve public services, and enfovrce the law and invovlve the 

covmmunity in preventing crime. Quadrant IV, represented by Bandar Lampung City, shovws lovw 

inequality and crime. This ideal covnditiovn needs tov be maintained by covntinuing sustainable 

develovpment, strengthening access tov basic services, infrastructure investment, and citizen 

invovlvement in maintaining ovrder. With this mapping, the govvernment can adjust develovpment 

interventiovns based ovn the characteristics ovf each regiovn. 

 

Typology Based on Open Unemployment Rate (OUR) and Crime Rates. 

The typovlovgy that covmbines Ovpen Unemplovyment Rate (OvUR) data and crime rates provduces 

fovur quadrants that reflect the sovciov-ecovnovmic covnditiovns ovf the regiovn. Quadrant I includes 

areas with high OvUR and crime, such as Central Lampung and East Lampung Regencies. 

These areas face seriovus challenges because unemplovyment drives crime. Handling strategies 

include jovb creatiovn, skills training, strengthening UMKM, and increasing security throvugh a 

CRM 
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covmmunity approvach. Quadrant II includes areas with high OvUR but lovw crime, such as Novrth 

Lampung Regency, Sovuth Lampung, and Bandar Lampung City. 

 
Figure 3 OvUR Typo vlovgy and Crime Rates 

 

Despite high ecovnovmic pressure, sovcial stability is maintained, povssibly due tov strovng 

cultural values and sovcial interventiovns. Effovrts tov reduce unemplovyment need tov be carried ovut 

withovut disrupting existing sovcial harmovny. Quadrant III includes areas with lovw OvUR but high 

crime, such as Tanggamus Regency, Way Kanan, Tulang Bawang, West Tulang Bawang, West 

Lampung, and Mesuji. Althovugh jovbs are available, sovcial inequality and weak law enfovrcement 

are factovrs in crime. Sovlutiovns include ecovnovmic equality, strengthening public services, sovcial 

educatiovn, and increasing security. Finally, Quadrant IV covntains areas with lovw OvUR and 

crime, namely Metrov City, Pesawaran, and Pringsewu. These areas shovw the success ovf sovciov-

ecovnovmic develovpment that needs tov be maintained throvugh provgram covntinuity, investment in 

leading sectovrs, and covmmunity-based educatiovn and security tov remain an example fovr ovther 

areas. 

 

Typology Based on Education and Crime Rates 

 

 
Figure 4 Educatiovn Typovlo vgy and Crime Rates 

CRM 

GPR 

CRM 

OUR 
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The typovlovgy that plovts educatiovn and crime rates provduces fovur quadrants that reflect 

the sovcial dynamics ovf the regiovn. Quadrant I includes Novrth Lampung and Sovuth Lampung 

Regencies, which shovw high levels ovf educatiovn but alsov high crime rates. This covnditiovn 

reflects that access tov educatiovn has novt been sufficient tov suppress crime, which is likely 

triggered by sovcial inequality, urbanizatiovn, and limited emplovyment ovppovrtunities. Quadrant II 

includes Central Lampung, East Lampung, Metrov City, and Bandar Lampung City, which have 

high educatiovn and lovw crime rates. This shovws that quality educatiovn accovmpanied by an 

effective security system covntributes tov sovcial stability, sov it needs tov be maintained by 

improvving the quality ovf educatiovn and strengthening legal awareness. Quadrant III, which 

covnsists ovf Tulang Bawang, Tanggamus, Way Kanan, Pringsewu, West Tulang Bawang, Mesuji, 

and West Lampung, describes areas with lovw educatiovn and high crime rates. These areas 

require interventiovn in the fovrm ovf increasing access tov educatiovn, skills training, and ecovnovmic 

empovwerment. Finally, Quadrant IV, which is ovnly ovccupied by Metrov City, shovws lovw educatiovn 

but alsov lovw crime rates. This reflects the strength ovf sovcial capital and shared values that 

maintain stability. Effovrts tov improvve educatiovn and covmmunity empovwerment remain impovrtant 

tov suppovrt the sustainability ovf develovpment in this regiovn. 

  

Typology Based on GDP and Crime Rates 

 
Figure 5 Typovlovgy o vf GRDP and Crime Rates 

 

The typovlovgy that plovts GRDP against crime rates helps identify the relatiovnship between 

ecovnovmic well-being and crime rates and provvides approvpriate povlicy guidance fovr each 

categovry ovf regiovn. Quadrant I includes provsperovus but crime-provne regiovns, such as Novrth 

Lampung Regency, which despite having a high GDP, still faces sovcial provblems due tov unequal 

distributiovn ovf wealth. Strategies that can be implemented include equalizing develovpment 

ovutcovmes, improvving security systems, and empovwering covmmunities in an inclusive manner. 

Quadrant II reflects provsperovus and safe regiovns, such as Central Lampung Regency, East 

Lampung, Sovuth Lampung, and Bandar Lampung City, which have demovnstrated success in 

ecovnovmic and sovcial management. These regiovns need tov maintain this success throvugh 

inclusive povlicies, strengthening educatiovn and skills, and a strovng security system. Quadrant III 

GRDP 

CRM 
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covntains disadvantaged and crime-provne regiovns, such as West Lampung, Tanggamus, Way 

Kanan, Metrov City, and ovthers, which face majovr ecovnovmic and sovcial challenges. Strategic 

sovlutiovns include povverty alleviatiovn provgrams, increasing access tov educatiovn and emplovyment, 

and strengthening law enfovrcement and crovss-sectovr covllabovratiovn. Meanwhile, althovugh nov 

areas are included in Quadrant IV, which describes underdevelovped but safe areas, this 

covnditiovn is still impovrtant as a reflectiovn ovf strovng sovcial capital and stable covmmunities. Areas 

like this can be directed tov strengthen welfare throvugh covmmunity empovwerment, infrastructure 

improvvement, and lovcal ecovnovmic develovpment withovut sacrificing the sovcial stability that has 

been built. 

 

Discussion 

The Impact of Income Inequality (GR) on Crime Rates 

Incovme inequality and crime rates reflect the sovciov-ecovnovmic covnditiovns in Lampung 

Provvince, where bovth are interrelated. Bandar Lampung City with high incovme inequality shovws 

a gap between the rich and the povovr, which has the povtential tov trigger crime due tov limited 

access tov the ecovnovmy and educatiovn. Ovn the ovther hand, areas such as Pesawaran and 

Tanggamus which experienced a decrease in the Gini Ratiov shovwed improvvements in incovme 

distributiovn which alsov reduced crime rates. This finding is suppovrted by studies in India and the 

United States which shovw that incovme inequality covntributes tov increased crime, especially in 

urban areas. Statistically, a ovne-unit increase in the Gini Ratiov in Lampung is covrrelated with an 

increase ovf 4,825.03 crime cases, indicating a significant povsitive relatiovnship. The quadrant 

typovlovgy shovws that areas with high inequality and crime such as East Lampung and Pringsewu 

face majovr challenges in creating ecovnovmic equality. Ovn the ovther hand, Metrov City shovws high 

inequality but lovw crime, povssibly due tov the effectiveness ovf sovcial povlicies. Meanwhile, Sovuth 

Lampung and ovthers recovrded high crime despite lovw inequality, indicating the influence ovf ovther 

factovrs such as unemplovyment and educatiovn. Bandar Lampung City with lovw inequality and 

crime is evidence that incovme equality plays a rovle in maintaining sovcial stability. Sovciovecovnovmic 

theovries, such as sovcial strain, emphasize that incovme inequality causes inequality ovf access, 

which drives criminal behaviovr. This result is covnsistent with previovus research that inequality 

increases crime, especially in povovr ovr rapidly grovwing areas. Therefovre, incovme equality, 

increasing access tov educatiovn and emplovyment, and inclusive sovcial povlicies are impovrtant 

strategies in reducing crime rates. Klassen's typovlovgy strengthens this analysis by shovwing 

provsperovus areas such as Tanggamus and Way Kanan that have succeeded in reducing crime 

throvugh equitable ecovnovmic distributiovn and inclusive develovpment povlicies. 

 

The Influence of OUR on Crime Rates 

The results ovf the study indicate that there is a significant povsitive relatiovnship between 

the Ovpen Unemplovyment Rate (OvUR) and the crime rate in Lampung Provvince. Areas with high 

OvUR, such as Bandar Lampung City and Novrth Lampung, tend tov have a higher risk ovf crime 

due tov ecovnovmic and sovcial pressures caused by the difficulty ovf finding wovrk. Covnversely, areas 

such as West Lampung and Way Kanan with lovw OvUR shovw better sovcial stability. This finding 

is in line with variovus previovus studies, such as by Fallahi and Povurtaghi (2022) in Iran and 

Campaniellov and Gavrilovva (2020) in Eurovpe, which state that unemplovyment can encovurage 

individuals tov covmmit crimes, especially in yovung age grovups. The regressiovn covefficient ovf 

166.35 indicates that every 1% increase in OvUR can increase crime by 166.35 cases. The 

Klassen typovlovgy used divides regiovns intov fovur quadrants based ovn OvUR and crime rates. 

http://doi.org/10.21009/JPEB


  DOI: doi.org/10.23960/jep.v13i3.3818 

 

37 Jurnal Ekonomi Pembangunan, 13 (3) 2024, 24-40. 

 

 

Quadrant I includes areas with high OvUR and crime such as East Lampung and Central 

Lampung, which require strovng ecovnovmic povlicy interventiovn. Quadrant II covnsists ovf areas with 

high OvUR but lovw crime, such as Sovuth Lampung and Bandar Lampung City, which shovws the 

effectiveness ovf mitigatiovn factovrs such as security ovr the infovrmal sectovr. Quadrant III includes 

areas with lovw OvUR but high crime, indicating the influence ovf ovther factovrs such as sovcial 

inequality. Quadrant IV, such as Metrov City and Pringsewu, shovws ideal covnditiovns with lovw 

OvUR and crime. Handling unemplovyment throvugh jovb creatiovn, skills training, and improvving 

educatiovn are impovrtant sovlutiovns tov reduce crime rates. This analysis covnfirms that 

unemplovyment novt ovnly impacts the ecovnovmic aspect, but alsov the mental health and sovcial 

stability ovf the covmmunity, sov a covmprehensive and sustainable povlicy is needed tov address this 

provblem. 

 

The Influence of Education (GPR) on Crime Rates 

Govovd educatiovn generally plays a rovle in reducing crime rates by increasing legal 

awareness and jovb ovppovrtunities, as seen in areas with high GPR such as Bandar Lampung 

and Metrov. Hovwever, the results ovf this study shovw that the increase in GPR is actually 

povsitively covrrelated with crime rates, indicating that access tov educatiovn alovne is novt enovugh 

withovut adequate quality. Previovus studies by Kearney & Levine (2020) and Bell & Machin 

(2021) did emphasize the impovrtance ovf educatiovn in reducing crime, but the results ovf the 

regressiovn test in this study shovwed that a ovne percent increase in GPR was fovllovwed by an 

increase in crime ovf 12.14 cases. This phenovmenovn may ovccur if educatiovn is novt relevant tov the 

needs ovf the labovr market, causing educated unemplovyment and povtential invovlvement in crime, 

including cybercrime. Klassen's typovlovgy shovws variatiovns in the relatiovnship between educatiovn 

and crime in each regiovn: Quadrant I (lovw educatiovn and high crime) such as Novrth Lampung, 

requires improvved access tov educatiovn; Quadrant II (higher educatiovn and high crime) such as 

Bandar Lampung, requires a crovss-sectovral approvach; Quadrant III (lovw educatiovn and lovw 

crime) shovws the rovle ovf sovcial capital; while Quadrant IV such as Metrov City illustrates govovd 

integratiovn between educatiovn and sovcial stability. Urbanizatiovn and sovcial pressure in big cities 

can alsov wovrsen crime even thovugh the GPR is high. Therefovre, increasing GPR must be 

accovmpanied by improvving the quality ovf educatiovn, provviding emplovyment, and suppovrting 

sovcial povlicies. Lovcal govvernments need tov adovpt a covntextual approvach: improvving access and 

quality ovf educatiovn in areas with high crime, reducing inequality in areas with high GPR, and 

strengthening sovcial capital in areas with lovw educatiovn but safe. Educatiovn can be an effective 

tovovl fovr reducing crime ovnly if suppovrted by covmprehensive and sustainable povlicies. 

 

The Influence of GRDP on Crime Rates 

Grovss Regiovnal Dovmestic Provduct (GRDP) reflects the ecovnovmic strength ovf a regiovn, 

where areas such as Bandar Lampung and Central Lampung with high GRDP indicate strovng 

ecovnovmic activity, while areas such as Mesuji and West Tulang Bawang which have 

experienced slovw grovwth indicate ecovnovmic improvvement. Hovwever, increasing GRDP doves novt 

always reduce crime rates. This study actually fovund a povsitive effect ovf GRDP ovn crime, in 

covntrast tov previovus findings that ecovnovmic grovwth reduces crime. Incovme inequality, 

urbanizatiovn, and uneven distributiovn ovf ecovnovmic benefits can encovurage crime, even in areas 

with advanced ecovnovmies. Klassen's typovlovgy shovws variatiovns in the relatiovnship between 

GRDP and crime in variovus regiovns ovf Lampung. Novrth Lampung Regency, fovr example, has 
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lovw GRDP and high crime, while areas such as Central Lampung and Bandar Lampung, despite 

their advanced ecovnovmies, still have high crime rates due tov sovcial inequality. Ovn the ovther 

hand, areas such as West Lampung and Metrov City, despite their weak ecovnovmies, remain safe 

due tov sovcial and cultural factovrs. The absence ovf regiovns with high GRDP and lovw crime rates 

indicates the impovrtance ovf ecovnovmic equality, jovb creatiovn, educatiovn improvvement, and 

strengthening sovcial and security systems tov reduce crime rates sustainably. Therefovre, 

ecovnovmic grovwth needs tov be balanced with hovlistic sovcial povlicies sov that its benefits are truly 

felt by the covmmunity evenly and are able tov create sovcial stability. 

 

CONCLUSION 

The findings of this study align with the view that economic pressures can drive individuals to 

engage in criminal behavior. This is consistent with Strain Theory (Merton, 1938), Social 

Disorganization Theory (Shaw & McKay, 1942), and Becker’s Economic Theory of Crime 

(1968), which collectively emphasize how socio-economic conditions shape individual decision-

making and behavior. These findings are further supported by recent empirical studies, 

including those by Iriyadi and Kusumawati (2021), Supianto et al. (2020), and Akbar et al. 

(2022). Consequently, improving economic well-being, expanding access to quality education, 

and creating employment opportunities are not only economic imperatives but also crucial 

strategies for crime prevention. Based ovn the results ovf data provcessing and discussiovn that has 

been carried ovut, the fovllovwing covnclusiovns can be drawn: 

1. The regressiovn equatiovn shovws that the Gini Ratiov, Ovpen Unemplovyment Rate (OvUR), 

Grovss Participatiovn Rate (GPR), and GRDP have an effect ovn crime in Lampung 

Provvince. 

2. The F test result ovf 35.603 (significance 0.000) shovws that these variables 

simultaneovusly have a significant effect ovn crime with a covntributiovn ovf 73.6%. 

3. The Gini Ratiov and crime typovlovgy shovws that Bandar Lampung City, East Lampung, 

and Central Lampung are facing covmplex sovciov-ecovnovmic provblems, while Metrov City 

and Novrth Lampung have their ovwn dynamics, and West Lampung and Tanggamus 

shovw stable covnditiovns. 

4. The OvUR and crime typovlovgy shovws that areas such as Sovuth Lampung, Novrth 

Lampung, and Bandar Lampung City face seriovus sovciov-ecovnovmic provblems; while 

Pesawaran, Pringsewu, and Metrov City remain stable despite high OvUR. 

5. The typovlovgy ovf GRDP and crime shovws that areas with high GRDP and high crime 

(such as Sovuth Lampung and Bandar Lampung City) face sovcial provblems; while areas 

with lovw GDP and lovw crime shovw ecovnovmic and sovcial stability. 

6. The typovlovgy ovf educatiovn and crime shovws that areas such as East Lampung, Central 

Lampung, and Bandar Lampung City have high educatiovn but still have high crime rates, 

while areas with lovw educatiovn but lovw crime indicate sovcial stability. 

 

SUGGESTION 

This research is limited to macro-level quantitative data and does not differentiate crime 

types, thus overlooking social dynamics at the individual level. Additionally, the cross-sectional 

design restricts causal inference. Future studies are recommended to employ mixed-method 

approaches, classify crime types, and utilize longitudinal data to better understand long-term 

patterns. Policy implications include reducing income inequality by strengthening poverty 

alleviation and local economic empowerment programs, especially in high-inequality areas such 
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as Bandar Lampung City and Central Lampung Regency, supported by targeted social 

assistance, microcredit access, and entrepreneurship training. 

Reducing incovme inequality can be achieved by increasing the effectiveness ovf povverty 

alleviatiovn provgrams and lovcal ecovnovmic empovwerment, especially in areas with high inequality 

such as Bandar Lampung City and Central Lampung Regency. These provgrams include 

targeted sovcial assistance and suppovrt fovr MSMEs throvugh access tov microvcredit and 

entrepreneurship training. 

Reducing the Ovpen Unemplovyment Rate (OvUR) can be dovne by creating new jovbs in the 

agriculture, industry, and tovurism sectovrs throvugh partnerships with the private sectovr, especially 

in areas with high OvUR such as Novrth Lampung Regency and Bandar Lampung City. In 

additiovn, jovb skills training based ovn market needs must alsov be increased in these areas. Third, 

increasing access tov quality educatiovn, especially in areas with high OvUR. 

Lovw Grovss Entrepreneurship Participatiovn (GPR) such as West Tulang Bawang and 

Mesuji, needs tov be integrated with emplovyment povlicies sov that graduates are better prepared 

tov face the wovrld ovf wovrk. 

Increasing Grovss Regiovnal Dovmestic Provduct (GRDP) can be dovne by encovuraging 

investment in leading sectovrs and improvving ecovnovmic infrastructure. In additiovn, the quality ovf 

human resovurces must alsov be improvved throvugh vovcatiovnal and entrepreneurship training, as 

well as the develovpment ovf a creative ecovnovmy based ovn lovcal povtential. Finally, covllabovratiovn is 

needed between regiovnal and provvincial govvernments throvugh synchrovnizatiovn ovf povlicies 

between regiovns and the fovrmatiovn ovf crovss-sectovr teams invovlving variovus parties tov handle 

crime and ecovnovmic inequality in an integrated manner. 
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